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Figure 1. Author Collaboration Networks (1997-2026). Nodes represent authors and
connecting lines indicate collaborations between them. The size of the nodes is
proportional to authors’ disciplines’ influence. The thickness of the connecting lines
is proportional to the strength of collaboration
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Figure 2. Disciplinary Collaboration Networks (1997-2026). Nodes represent
disciplines and connecting lines indicate collaborations between them. The size of
the nodes is proportional to the disciplines’ influence. The thickness of the
connecting lines is proportional to the strength of collaboration
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Figure 3. Keyword Co-occurrence Network (1997-2026). Nodes represent keywords
and connecting lines indicate that the same keyword appears in different publications.
The figure displays seven clusters
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Figure 4. Density Heatmap (1997-2026). The color gradient from blue to green to
yellow reflects the concentration of keywords within the research field




Figure 5. Bursts (1997-2026). Blue line segments mark the start and end years of
publication for articles, while red line segments highlight periods of a sharp increase
in citation counts

Top 15 Keywords with the Strongest Citation Bursts

Keywords Year Strength Begin End 1907 - 2026
data mining 2006 1.67 2006 2018
support vector machmes 2014 1.68 2014 2019 ——
cigarefte smoking 2018 3.35 2018 2023 ——
association 2019 271 2019 2023 —
text mining 2019 237 2019 2020 —
uvmted states 2019 1.71 2019 2022 —
voung adults 2020 247 2020 2022 —
social media 2013 1.74 2020 2022 —
natural language processmg 2013 1.67 2020 2021 —
classification 2016 1.91 2021 2024 —
youth 2022 202 2022 2023 —
smokers 2006 1.84 2022 2023 —
product use 2022 1.64 2022 2023 e
conversational agent 2021 1.91 2023 2024 o
model 2024 196 2024 2026 —



